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https://openai.com/blog/image-gpt/
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Variational Auto-encoder (VAE)

Flow-based Generative Model

Diffusion Model

Generative Adversarial Network (GAN)
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VAE

— 2z~N(0,]) z is a vector from normal distribution
Each dimension of z
x|z~N(p(2),0(2)) ] represents an attribute

o 1(2)
=S

P(x)

i€ » Pl & 193:/10330 - I - 2 e
ML Lecture 18: Unsupervised Learning - Deep Generative Model (Part 1)

https://youtu.be/8zomhgKrsmQ,
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NICE
https://arxiv.org/abs/1410.8516

Coupling Layer Real NVP

https://arxiv.org/abs/1605.08803
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Flow-based Generative Model

https://youtu.be/uXY18nzdSsM
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GAN P(x) and P'(x) are close
Normal
Distribution

Discriminator has poor perfearmance

Real / Generated




Generative Adversarial Network (GA... %

Hung-yiLes - 1
— -
— >

GAN Lecture 1 (2018):
. Introduction

' Hungyi Lee

GAN Lecture 2 (2018):

Sea Conditional Generation

‘ Hung-yi Lee

GAN Lecture 3 (2018):

! Unsupervised Conditional ..

Introduction of Generative
Adversarial Network (GAN)

ZIRH
Hung-\g Lee

¥ Hungyi Les

GAN Lecture 4 (2018): Basic
Theory

Hungyi Lee

GAN Lecture 5 {2018): General
Framework

Hung-yi Lee

GAN Lecture 6 (2018): WGAN,
EBGAN

Hung-yi Lee

GAN Lecture 7 (2018): Info
GAN. VAE-GAN. BiGAN

Hung-yi Lee

GAN Lecture 8 (2018): Photo
Editing

Hungyi Lee

GAN Lecture 9 (2018):

& Sequence Generation

€ P Ppl & 0DZ/13304

https://www.youtube.com/watch?v=DQNNMIiAP5Iw&list=PLJV_el3uVTsMq6JEFPW35BCiOQTsogwNw
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VAE + GAN

https://arxiv.org/abs/1512.09300

Flow + GAN

https://arxiv.org/abs/1705.08868

Diffusion + GAN

https://arxiv.org/abs/2206.02262
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GAN

[ Diffusion Process: y ~ q(y|x,t),t ~ py ]

! + +
y|t=300 y|t=600 y|t=T=1000

!

Yg | t =100
|

[ Diffusion Process: Yg ~ q(yglxy, t),t ~ Pn ] { T is adaptively adjusted. ]

Yg |t =T = 1000
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